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Abstract This paper mainly discusses the theories and methods with the interpretability research perspective.
Firstly, we illuminate the evolutionary process on three generations of rough set models, and clarify the devel-
opment track of three-way decision. Secondly, we focus on the deep integration between three-way decision
and granular computing, and introduce the corresponding theories and methods of sequential three-way deci-
sion and hierarchical three-way decision. Thirdly, we analyze the effectiveness of three-way classification, and
reveal the inner reason why the three-way decision can enhance the classification effect. Finally, we interpret
the fusion mechanism between three-way decision and interpretive Al with a cognitive perspective, and give
the research directions of interpretability three-way decision in future.
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